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Relaxed modified Tseng algorithm for solving variational
inclusion problems in real Banach spaces with applications

ABUBAKAR ADAMU"2, PooM KUMAM?%*, DUANGKAMON KITKUAN? and
ANANTACHAI PADCHAROEN?

ABSTRACT. In this paper, relaxed and relaxed inertial modified Tseng algorithms for approximating zeros of
sum of two monotone operators whose zeros are fixed points or J-fixed points of some nonexpansive-type map-
pings are introduced and studied. Strong convergence theorems are proved in the setting of real Banach spaces
that are uniformly smooth and 2-uniformly convex. Furthermore, applications of the theorems to the concept
of J-fixed point, convex minimization, image restoration and signal recovery problems are also presented. In
addition, some interesting numerical implementations of our proposed methods in solving image recovery and
compressed sensing problems are presented. Finally, the performance of our proposed methods are compared
with that of some existing methods in the literature.

1. INTRODUCTION

Let H be a real Hilbert space. Let A : H — H and B : H — 2% be single valued and
multi-valued operators, respectively. The variational inclusion problem (VIP) which is to

(1.1) find we H with 0¢€ (A+ B)u,

has attracted the interest of many authors over the years due to its numerous applications
in solving problems arising from image restoration, signal recovery and machine learning.

Assuming existence of solution, one of the classical technique for approximating solu-
tions of the VIP (1.1) involving maximal monotone operators A and B in the setting of
real Hilbert spaces, is the forward-backward algorithm (FBA); which was introduced in-
dependently by Lions [34] and Passty [42] and studied extensively by many authors (see,
e.g.; [21], [5], [22]). The FBA is an iterative procedure that starts at a point 1 € H and
generates iteratively a sequence {x,,} C H by solving the recursive equation:

(1.2) Tt = (I +AB) " (I = AuA)zn,

where {)\,,} is a sequence of positive real numbers. Lions [34] proved that if the operator
A is a-inverse strongly monotone, that is, there exists o > 0 such that

(x —y, Ax — Ay) > a| Az — AyH2, Vr,y € H,

and liminf A,, > 0 with limsup A,, < 2q, then the sequence generated by (1.2) converges
weakly to a solution of problem (1.1).

Several modifications of the FBA have been proposed by many authors using the idea of
Halpern-type or viscosity-type approximation technique to obtain strong convergence of
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the sequence generated by the modified versions of the FBAs to a solution of the VIP (1.1)
(see, e.g.; [48], [3] [30],[29]).

Remark 1.1. It is worthy of mentioning that virtually all the modifications of the FBA
require the operator A to be a-inverse strongly monotone (for the case of Hilbert spaces) or
a-inverse strongly accretive (for the case of Banach spaces). As rightly noted by Tseng [50]
this restrictions rules out some important applications, see, section 4 of [50].

To dispense with the a-inverse strong monotonicity assumption on A, using the idea of
the extragradient method of Korpelevic [31] for monotone variational inequalities, Tseng
[50] introduced the following algorithm in real Hilbert spaces:

xr1 € C;
(1.3) Yn = (I + X B) "1 — N\ A)zy;
Tn41 = PC(yn - Afz,(Ayn - Azn))a

where C' C H is nonempty closed and convex such that CN(A+ B)~10 # ), A is maximal
monotone and Lipschitz continuous with constant L > 0 and B is maximal monotone.
He proved weak convergence of the sequence generated by his algorithm to a solution of
problem (1.1).

Remark 1.2. We remark here that the class of monotone operators that are Lipschitz con-
tinuous contain, properly, the class of monotone operators that are a-inverse strongly
monotone, since every a-inverse strongly monotone operator is 2 -Lipschitz continuous.

In the literature, for the special case when A = 0, the proximal point algorithm (PPA) has
been employed to solve the inclusion problem (1.1). Several acceleration strategies of
the PPA via inertial extrapolation or relaxation has been employed by many authors to
improve the performance of the PPA over the years (see, e.g.; [16], [18]). The following
question naturally becomes of interest:

Question. Can the acceleration strategies of the PPA be employed for the FBA and its
modified versions?

Recently, in 2021 Padcharoen et al. [41] proposed an inertial Tseng’s-type algorithm for
solving the inclusion problem (1.1) in the setting of real Hilbert spaces. They proved the
following theorem:

Theorem 1.1. Let H be a real Hilbert space. Let A : H — H be an L-Lipschitz continuous and
monotone mapping and B : H — 28 be a maximal monotone map. Assume that the solution set
(A+ B)710 # 0. Given g, z1 € H, let {x,,} be a sequence defined by:

Wy = Ty + an(xn - xnfl)
(1.4) Y = (I + AB)" (I = A A)w,
Tn+1 = Yn — )\n(Ayn - Awn)a

where the control parameters satisfy some appropriate conditions. Then the sequence {x,,} gener-
ated by (1.4) converges weakly to a solution of problem (1.1).

Just recently, as it has been done for the PPA, the relaxed and relaxed inertial versions of
the Tseng’s algorithm were introduced and studied by Cholamjiak et al. [24] in the setting
of real Hilbert spaces. They proved the following Theorems:



Dedicated to the memory of late Prof. C.E. Chidume “forever missed” 3

Theorem 1.2 (Relaxed Tseng’s Algorithm). Let H be a real Hilbert space and let A : H — H
be monotone and Lipschitz continuous and B : H — 2% be maximal monotone. Suppose the
solution set of the VIP (1.1) (A + B)~'0 is nonempty. Let x1 € H, let {x,,} be a sequence
generated by

Yn = (I + A B) Y@y — A\ Axy,),

o HA‘Tn*Byn”
where Ay > 0, {0,} C [a,b] C (0,1), {pn} C [c,d] C (0,1). Then the sequence generated by
(1.5) converges weakly to a solution of the VIP (1.1).

Theorem 1.3 (Relaxed Inertial Tseng’s Algorithm). Under the same hypothesis as in Theorem
1.2 above, given xy, x1 € H, let {x,,} be a sequence generated by
Wy, = Ty + Ty — Tp_1),
Yn = (I + A B) " Hwy, — Ay Awy,),
Tpt1 = (1 - on)wn + Onyn + an)\n(Awn - Ayn)v
Ar = min D, friegl
where Ao > 0,6 € (0,1], p € (0,1), « € [0, 1) such that
O(1 — p?) 1—6>a(1+a)

(2604 pb)? 0 (1-a)?’

Then the sequence {x,, } converges weakly to a solution of the VIP (1.1).

(1.6)

Remark 1.3. Interested readers may see, for example, any of the following papers for a
motivation about relaxation of an algorithm [9], [26], [1].

Extension of the VIP (1.1) to Banach spaces more general than Hilbert spaces is currently
of interest to many authors (see, e.g.; [44], [12], [4], [28] and the references there in). In
2019, Shehu [46] extended the Theorem of Tseng [50] to real Banach spaces. He proved
the following theorem:

Theorem 1.4. Let E be a uniformly smooth and 2-uniformly convex real Banach space. Let
A : E — E* be a monotone and L-Lipschitz continuous mapping and B : E — 27" be a maximal
monotone mapping. Suppose the solution set (A+ B)~'0 # 0. Let {x,, } be a sequence defined by:

T € F,

Yn = (J + X))z, — M\ Azy,),

wy = J Y (Jyn — M\ (Ay, — Axy)),
Tpr1 = J HanJzr + (1 — ap)Jwy,),

(1.7)

where the control parameters satisfy some appropriate conditions. Then the sequence {x,} gener-
ated by (1.7) converges strongly to a solution of problem (1.1).

Remark 1.4. We remark here that in all the Theorems of Tseng [50], Padcharoen et al.
[41] and Cholamjiak et al. [24] weak convergence Theorems were established which is not
desirable in applications.

Now, having said all this, our interest is in the following generalization of the VIP (1.1):
(1.8) find u € E suchthat 0 € (A+ B)u and Tu = u;
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where T is a nonexpansive-type operator. Problem (1.8) was studied by Takahashi et al.
[47] in the setting of real Hilbert spaces. Recently, problem (1.8) is making some waves in
the literature (see, e.g.; [15], [44], [23], [2]).

Motivated by remark 1.4 and the growing interest in problem (1.8), it is our purpose in this
paper to resolve the concern raised in remark 1.4 and contribute our quota to the study
of problem (1.8) by introducing relaxed and relaxed inertial modified Tseng algorithms
in Banach spaces that are 2-uniformly convex and uniformly smooth that will converge
strongly solutions of problem (1.8). Furthermore, applications of our theorems to .J-fixed
points, convex minimization, image recovery and compressed sensing problems will be
presented. Finally, we compare the performance of our proposed methods with existing
methods in solving image recovery and compressed sensing problems.

2. PRELIMINARIES

Let E be a real normed space and let J : E — 27" be the normalized duality map (see,
e.g.; [6] for the explicit definition of .J and its properties on certain Banach spaces). The
following functional ¢ : £ x E — R defined on a smooth real Banach space by

(2.9 ¢(x,y) = ||z||* = 2(z, Jy) + |yl*, Va,y € B,

will be needed in our estimations in the sequel. For any z,y,z € E and 7 € [0, 1] using
the definition of ¢, one can easily deduce the following (see, e.g.; Nilsrakoo and Saejung,
[39]):

DL (=] = llylD* < é(z,y) < (=] + [lylD)?,
D2: ¢(x,J N (rJy + (1 = 7)J2) < 7(2,y) + (1 = 7)o(z, 2),
D3: ¢(z,y) = ¢(x,2) + d(2,y) + 2(z —z, Jy — Jz),

where J and J ! are the duality maps on E and E*.

Definition 2.1. A mapping S : C — E is called relatively nonexpansive if the set of its
asymptotic fixed points equals the set of its fixed points and ¢, (w, Sv) < ¢,(w,v) for any
we F(S)and v € C.

Definition 2.2. Let E be a smooth, strictly convex and reflexive real Banach space and
let C' be a nonempty, closed and convex subset of E. Following Alber [6], the generalized
projection map, Il : E — C is defined by
e (u) = info(v,u), Yu € E.
veC
Clearly, in a real Hilbert space, the generalized projection Il¢ coincides with the metric
projection P¢ from E onto C.

Definition 2.3. Let E be a reflexive, strictly convex and smooth real Banach space and let
B : E — 2P be a maximal monotone operator. Then for any A > 0 and u € E, there
exists a unique element uy € E such that Ju € (Juy + ABuy). The element ) is called the
resolvent of B and it is denoted by JPu. Alternatively, JZ = (J+AB)~'J, forall A > 0. It
is easy to verify that B~! = F(JP), V A > 0, where F(J?) denotes the set of fixed points
of JP.

Lemma 2.1 ([7]). Let C be a nonempty closed and convex subset of a smooth, strictly convex and
reflexive real Banach space E. Forany x € Eand y € C, 2 = llcx if and only if (T — y, Jx —
JZ) >0, forally € C.
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Lemma 2.2 ([6]). Let E be a reflexive strictly convex and smooth Banach space with E* as its
dual. Then,

(2.10) V(u,u*) 4+ 2(J u* —u,v*) < V(u,u* +v*),
forallu € E and u*,v* € E*, where V(z,z*) = ¢(z, J 'z*) = ||z — 2(x, z*) + ||Jz*|*
Lemma 2.3 ([10]). Let E be a reflexive Banach space. Let A : E — E* be a monotone, hemicon-

tinuous and bounded mapping. Let B : E — 2F" be a maximal monotone mapping. Then A + B
is a maximal monotone mapping.

Lemma 2.4 ([53]). Let E be a 2-uniformly smooth real Banach space. Then, there exists a constant
p > 0suchthatV x,y € E

e+ yll* < ll2ll* + 20y, Jz) + pllyll*.
In a real Hilbert space, p = 1.

Lemma 2.5 ([51]). Let E be a 2-uniformly convex and smooth real Banach space. Then, there
exists a positive constant p such that

(2.11) pllz —y|? < ¢(z,y), Va,y € E.

Lemma 2.6 ([27]). Let E be a uniformly convex and smooth real Banach space, and let {u,, } and
{vn} be two sequences of E. If either {uy,} or {v,} is bounded and ¢(u,,v,) — 0 then ||u, —
Unll = 0.

Lemma 2.7 ([39]). Let E be a uniformly smooth Banach space and r > 0. Then, there exists a
continuous, strictly increasing, and convex function g : [0,2r] — [0, 1) such that g(0) = 0 and

¢ (u, J7[BIx + (1= B)Jy]) < B(u,x) + (1 = B)o(u,y) — B(1 = B)g(|| T — Jy])
forall 3 € [0,1], u€ Eand x,y € B,.
Lemma 2.8 ([52]). Let {a, } be a sequence of nonnegative numbers satisfying the condition
ant1 < (1 —ap)an + anfn +cn, n >0,
where {a,, }, {Bn} and {c,, } are sequences of real numbers such that
() {an} C [0,1] and Z ay, = o0; (it) limsup B, < 0; (i4) ¢, > 0, ch < 0.

n—oo

n=0 n=0

Then, lim a, = 0.
n—o0

Lemma 2.9 ([37]). Let I, be a sequence of real numbers that does not decrease at infinity, in the
sense that there exists a subsequence {T'y,, } >0 of {T',, } which satisfies T'y,; < T'y, 1 forall j > 0.
Also, consider the sequence of integers {T(n)}n>n, defined by

7(n) = max{k <n|T§ < Tgy1}.
Then {7(n)}n>n, is a nondecreasing sequence verifying lim,,_, ., 7(n) = oo and, for all n > ny,
it holds that T,y < T'7()41 and we have
Tn <Trmy+1-
Lemma 2.10 ([8]). Let {T',,},{d,,} and {a,,} be sequences in [0, 0o) such that
Lop1 <Th+an(Ty —Thot) + 0n,

foralln > 1, Z;o:l On, < o0 and there exists a real number o with 0 < oy, < o < 1, for all
n € N. Then the following hold:

()Y, 51[Tn —Tno1]+ < 400, where [t]+ = max{t,0};

(ii) there exists T'* € [0, 00) such that lim,, o, T',, = I'*.
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3. MAIN RESULT

3.1. Relaxed Halpern Tseng-type Algorithm.

Theorem 3.5. Let E be a 2-uniformly convex and uniformly smooth real Banach space with dual
space, E*. Let A : E — E* be a monotone and L-Lipschitz continuous mapping, B : E — 27
be a maximal monotone mapping and T : E — E be a relatively nonexpansive mapping. Assume
the solution set Q = (A + B)~10N F(T) # 0, given z1 € E, let {x,,} be a sequence defined by:

Yn = JﬁJ’l(J:vn — )\nAxn),
= J_l(Jyn — A\ (Ay, — A;zcn)),
_1(ﬁngn +(1- Bn)JTzn),
Tpg1 = J (1= 0n) Tz + O (yndu+ (1 — ) Jun)),

where J? = (J + XuB)™'J, {00}, {Bn} C (0,1], {7} C (0,1) such that lim 7, = 0 and

(3.12)

Z% = oo and {\,} C (A, ) A € (0,1), pand p are the constants appearing in Lemmas

2. 4 and 2.5, respectively. Then, {:cn} converges strongly to x € ).

Proof. Frist, we show that {z,,} is bounded. Let z € Q. Using Lemma 2.4 and D3, we have

(2, 2) = ¢(a:, J_l(Jyn — A (Ayn — Axn)))

= |l = 2(z, Jyn — Aa(Ayn — Azn)) + | Tyn — An(Ays — Azy)|?

< 0@, yn) = 2 (Y — 2, Ay — Azn) + plAn (Ayn — Azn)||?

= (@, 2n) + G(Tns Yn) + 2(xn — T, Jyn — Jzn)
= 2X(Yn — @, Ayn — Azn) + pl|An(Ayn — Axn)||2

= 3@, Tn) + O(Tns Yn) — 2(Yn — Tn, JYn — JTn) + 2{yn — @, Jyp, — J2p)
— 20 (Yn — @, Ayn — Azxy) + p|| A (Ayn — Amn)HQ

= (@, 7n) = O(Yn, Tn) — 2(yn — T, JTn — JYn — An(Axy — Ayn))

(3.13) + pllAn(Ayn — Azy)|1?.
Claim.
(3.14) (g — @, Jxn — Jyn — An(Azn — Ayn)) 20

Proof of claim. Observe that y,, = J£ J = (Jx,, — A\ Az, ) implies (Jz, —Ap Azy) € (Jyn—+
AnByy). Since B is maximal monotone, there exists b,, € By, such that Jz,, — \, Az, =
JYn + Anbp. Thus,

1
)\—(an — Jyn — MAxy).

Furthermore, since 0 € (A+ B)z and (Ay, +b,) € (A+ B)y,, by monotonicity of (A + B)

(3.15) b, =

(yn — @, Ayn +by) > 0.
Substituting equation (3.15) into this inequality, we get
(Yn — 2, J20 — Jyn — An(Azp — Ayyn)) >0,

which justifies our claim.
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Now, substituting inequality (3.14) in (3.13) and using Lemma 2.5, we deduce that

(2, 2n) < d(,20) — A(Yn, Tn) + p)‘ELHAxn - AynH2

pA2L?
(3.16) < 9w mn) = (1= P25 )6y, ).
Since \,, € (0, %), 1— ’)’\%J > 0. Thus,
(3.17) o(x, 2n) < oz, 20).

Also, using D2 and the fact that 7' is relatively nonexpansive, we have

¢(5177 un) < 6n¢(m7 Zn) + (1 - ﬁn)@b(xa Tzn)

Now, using D2 and, inequalities (3.18) and (3.17), we get

$(a,znr1) = d(2, T (L = 03) T2y + On (v Ju+ (1= 7n) Jun)))
< (1 =0n)o(x, 2n) + Onynd(@,u) + O (1 — Vn) Pz, un)

< (1 =0n)o(x, 2n) + Onmd(@,u) + On(1 — v0)d(x, 2n)

< (1 =0n)0(z,2n) + Onvnd(2, u) + 0n(1 — 7)) P(z, 20)

= (1= Onyn)b(z, 20) + Onyng(x,u)
(3.19) < max{¢(z, x), p(x,u)}.

Thus, {¢(x, z,)} is bounded. By D1, {z, } is bounded. Furthermore, {y,}, {z,} and {u,}
are bounded.

Next, we prove that {z,,} converges to = € . To achieve this, first of all we estimate
o(z, u,) using Lemma 2.7, the fact that T' is relatively nonexpansive and, inequalities (3.16)
and (3.17) to get

d(x,un) < Bud(x,2n) + (1 = Bn)d(z, T2n) — Bn(1 = Bn)g([|[J2n — JT24]|)
S ﬁn¢(w7 Zn) + (1 - Bn)(b(xa Zn) - Bn(l - ﬁn)g(HJZn - JTZn”)

PA2 L2
S Bn¢(xa Zn) + (1 - 6n) |:¢(x71'n) - (]- - T)d)(ynaxn)}
= Bn(1 = Br)g(|J2n — JTznl|)

(620)  <o(ew) (1B (1~ pALL?

)$(yns wn) = Ba(1 = B)g(1T 20 = T2l
Next, we estimate ¢(z, z,,11) using Lemma 2.7 and inequality (3.20), to get

¢($ «'En+1) (1 -0 )¢($,xn) + en'YnQb(za u) + an(l - 'Yn)(b(xaun)
< (1= 0)6(, 20) + 02706(2,0) + 0 (1 = 70) | (a1, 72)

S-p (- e

)6(ns2a) = Ba(L = Bu)g(1720 = Tz

2712
= (1= 6,70)8(, ) + 0a3nd(, 1) — (1 = 7)1 = ) (1= 2225

&(Yn,Tn)
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Set 1, = 0, (1 — v,)(1 — Bn) (1 — #) and ¢, = 0,(1 — v,)8,(1 — 5,,), we deduce from
inequality (3.21) that
M@ Yns Tn) + Cug([|T 20 = TT20 1) < Onyn (62, u) — (2, 20)) + P2, 20)
(322) — 6@, 1),

To complete the proof, we consider the following two cases:

Case 1. Assume there exits an ng € N such that for all n > ng,
¢(x7xn+l) S (b(xawn)a VTL Z nog.

Then, {¢(z, z,,)} is convergent.

From inequality (3.22), using the fact that lim v, = 0, the boundedness {z,} and the
n— oo

existence of ILm ¢(z, z,,) we obtain the following;:
lim ¢(yn,zn) =0 and lim g(||Jz, — JT2,||) = 0.
n—oo n—oo

This implies by Lemma 2.6 and the properties of g that
(3.23) lim ||y, —2,]| =0 and lim |Jz, — JTz,| =0.
n— oo n—oo

By the uniform continuity of J on bounded sets, this implies lim ||Jz, — Jy,| = 0. Also,
n—oo

the Lipschitz continuity of A and equation (3.23) imply that
li_>m |Az,, — Ay,|| = 0. Therefore,

(3.24) lm ||Jzp, — Jyn| = lim A\,||Az, — Ay,|| = 0.
n— 00 n—o0

By the uniform continuity of J !, equation (3.24) implies that lim ||z, — y,|| = 0. Thus,
n—oo

(3.25) lim @, — z,] = 0.

n— oo
Observe that
N Tzn — Jxpt1]l = 00T Tn — O yndu — 0n (1 — vn) Jun |

S OullJzn — Jzn || + Opynl|Ju — Jug || + 0nl| T2 — Juy||
= O0p||Jxy — Jzp|| + Onynll Ju — Junl| + 0, (1 — Bp)l|J2n — JT 24|

This implies that
(3.26) lim [|[Jxp41 — Jz,|| = 0.

n—oo

Now, we prove that Q,(z,) C €2, where Q,,(x,) denotes the set of weak subsequential
limits of {z,}. Since {z,} is bounded, Q,(z,) # 0. Let 2* € Q,(z,). Then, there ex-
ists a subsequence {z,,} of {z,} such that z,,, — 2*. From equation (3.25), we have
Zn, — x*. Furthermore, from (3.23), the uniform continuity of J~! on bounded sets im-
plies ||z, — T'zy|| — 0 and since (I — T') is demiclosed at zero, z* € F(T).

Next, we show that z* € (A + B)~!0. Let (v,w) € G(A + B). Then, (w — Av) € Bv.
By the definition of y,, in (3.12), we have that (J — A\, A)xy, € (J + A, B)yn,- Thus,
= (JZp, — JYny — Ay ATn,,) € Byy, . By the monotonicity of B, we have

"k

1
\ (J'Ink - Jynk - /\nkAmnk» > 0.
NE

(V= Yn,, w— Av —
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Using the fact that A is monotone, we estimate this as follows

1
(J:Enk - Jynk - )\nk Awnk)>

N

<v_ynk7w> 2 <U_ynkaA'U+
1

= <U—ynkaAU—A$nk> + )\7</U_ynka‘]xnk _Jynk>
nk

1
= <'U _ynkaAv_ Ay’nk>+ <'U— ynkaAy’nk_ Axnk> +7<U_ ynkv Jmnk_ Jy’n,k>

A
1
Z <U - ynk7Aynk - Axnk> + \ <'U — Ynps ank - Jynk>
ng
Since lim [|Az, — Ay,| = lim ||Jy, — Ja,| = 0, {5+ } is bounded and y,, — =7, it
n—oo n—oo n

follows that
(v—2a,w) > 0.

By Lemma 2.3, A + B is maximal monotone. This implies that 0 € (A + B)z*, ie;
z* € (A+ B)~'0. Hence, 2* € Q= F(T) N (A + B)~10.

Now, we have all the tools to show that {z,} converges to z = Ilqu. Since {z,} is
bounded, there exits a subsequence {z,, } C {z,} such that

limsup(z,, — z, Ju — Jz) = lim (z,, —z,Ju — Jzx) = (&* —z, Ju — Jz) < 0.
n— oo k— o0

From (3.26) we also have

lim sup(zp41 — @, Ju — Jz) < 0.

n—soo
Next, using Lemma 2.2, D2 and inequalities (3.18) and (3.17) we have
P(x, Tnt1) = d)(:m T = 0)2n + On(yaJu+ (1 - ’Yn)Jun)))
=V(z,(1=0p)zn + 0p(mJu+ (1 — ) Juy))
<V(z,(1=0p)zy + O (ynJu+ (1 — v0)Jun) — Oy (Ju — Jz))
+ 20, Y (X1 — x, Ju — Jx)
=V(z,(1 =0)xn + 0p(ynJz + (1 — vn)Jun)) + 20y {xnt1 — x, Ju — Jx)
= ¢(x, J 7 ((1 = On)zn + On(vndo + (1 — ) Juy)))
+ 20, Y (X1 — x, Ju — Jx)
< (1= 0n)¢(2,2n) + On (o (2, 2) + (1 = 70) (2, un))
+ 20, (Tnt1 — @, Ju — Jx)
(3.27) < (1 =0pvn)o(z,xn) + 20, v {Tni1 — x, Ju — Jx).
By Lemma 2.8, inequality (3.27) implies that nlin;o ¢(z,z,) = 0. Using Lemma 2.6, we

obtain that lim z, = x.
n— oo

Case 2. If Case 1 does not hold, then, there exists a subsequence {x,,,} C {x,} such that
¢(x7IMj+1) > ¢($,$,,Lj), VjeN.

By Lemma 2.9, there exists a nondecreasing sequence {my} C N, such that limj_, . ms =
oo and the following inequalities hold

(2, 2m,,) < (@, Tmy+1) and  @(x,2x) < Sz, T0m,), Vi €N.
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From inequality (3.22) we have
Nmy, ¢(ymk ) ‘rmk) + kag(”‘]zmk - Jszk H) < emk’ymk (¢($7 U’) - (Z)(SL‘, xmk))
+ (b(xv x’mk) - ¢('ra x'mk-‘rl)
S 077Lk7mk ((]S(J?, U) - QS('I:a I‘mk)) .

Following a similar argument as in Case 1, one can establish the following

lm ||Ym, — @m, || =0 and lim ||Jzp, — JT2m,| =0,
k— o0 k—o00
lm || Zm,41 —Tm, || =0 and limsup(xm,,+1 —,Ju— Jx) <O0.
k— o0 ) k— o0
From (3.27) we have
(3.28) (@, Tmy+1) < (1= Oy Y )A(T, Tiny, ) + 20, Yy (T +1 — @, Ju — Jx).

By Lemma 2.8, inequality (3.28) implies that lim ¢(z,z,,,) = 0. Thus,
n— oo
limsup ¢(x, x;) < lUm ¢(z, zpy,, ) = 0.
k—00 k—o0

Therefore, limsup ¢(z, ) = 0 and so, by Lemma 2.6, klim z = x. This completes the
k—o0 —00

proof. O
3.2. Relaxed Inertial Halpern Tseng-type Algorithm.
Theorem 3.6. Under the same setting as in Theorem 3.5, given xo, x1 € E, let {x,,} be a sequence
defined by:

wy, = J 1 (an + an(Jz, — an_l)),

Yn = anJ_l(an — )\nAwn),
(3.29) Zy = J_l(Jyn — A\ (Ay, — Awn)),

Up = J_l (ﬁngn + (1 - Bn)']TZn)a

Tpy1 = Jfl((l —0n)Jwy, + 0, (v Ju+ (1 — ’yn)Jun)),

3 €n €n
min § « x Lp—
where 0 < o, < vy, and ci, = { Tz —Jwn P ¢(@n,n-1) }’ n? Tn-t,
a, otherwise,

a € (0,1)and {e,} C (0,1) such that Y | €, < co. The remaining parameters are the same as
in Theorem 3.5. Then, {x,,} converges strongly to x € Q.

Proof. First, we prove that {z,,} is bounded. Let z € Q. Following the same argument by
replacing x,, with w,, from (3.16) and (3.17), we get

A2 L2
(3.30) O, 2n) < B, wn) = (1= F22 ) olyn wn).
Since A, € (0, ), 1= 25 > 0. Thus,
(3:31) Oz, 20) < ().

Similarly, from (3.18), we have

(3:32) B(x,un) < B, 20).
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Now, using D3, we obtain that

Pz, wy) = d(x, ) + (T, wn) + 2(xy — x, Jwy, — Jp)
(3.33) =o(z,xn) + O(Tn, wn) + 20z, — x, JTy, — JTp_1)
(3.34) = (2, ) + O(Tn, Wn) + And(Tn, Tn-1) + A (T, Tn) — (@, Tn_1).
Moreover, using the definition of ¢ and Lemma 2.4, we have
oz, wn) = ¢(z, J (T + an(Jzn — J2,-1)))
= ||lz||? + [z + an(Jzn — Jzp1)||> = 2(x, Jz, + ap(J2y — J20 1))
= |lz||® + || Jxp + an(Jzn — Jzn_1)||? — 2(x, Jzn) — 200 (z, J2 — J2p_1)
(3.35) < d(w,x) + pa || Tzy — Tz 1| + 200 (20 — , JTy — JTp_1).
Combining (3.33) and (3.35), we have
P(n, wn) < pag || Jay — Tz,
Hence, substituting this in equation (3.34), we have
$(x,wn) < Gz, 20) + pap | Ty — Jrp—1|* + @nd(@n, Tn-1)
(3.36) + an (¢(z, ) — O(@, 2n-1)).
Now, using D2, inequalities (3.32), (3.31) and (3.36), and the fact that {c,,} C (0,1), we get

(2, Tpt1) = ¢( z, 1( On)Jwy, + On (Yo Ju + (1 — 'Yn)un)))

(1-
( en)(b(xawn) + 9n7n¢(x u) + Op (1 - 'Yn)(b(xawn)
= (1 = 0pyn)d(z, wn) + Onynd(z, u)
( )@

1= 070 (@2, 20) + an (6(2,20) = 6(2,71)) + (@0, 70 -1)
+ pad |, = T 1|2) + Onnd(e,u)

< max {9(e, ), 6(x, 2) + 0 (6(2, ) — 9(2,0-1))
(3.37) + pon || Tz — JEn_1]|? + ond(@n, xn,l)}.

If the maximum is ¢(x,u), then {¢(z,z,)} is bounded. By D1, {z,} is bounded. Else,
there exists an ng > 1 such that for all n > ngy, we have that

¢(.’E, anrl) S (]5(£C,£L'n) + Qp (¢((E,(L‘n) - ¢($71’n,1)) + panHan - JﬁCnfl”2 + an(b(xnvxnfl)

Since pay||Jxn — Jxn—1]1? < pen, And(Tn, n—1) < €, and Y o7 | €, < 0o, by Lemma 2.10,
{¢(x, zy,)} is convergent and thus, bounded. Furthermore, by D1, {x,,} is bounded. This
implies that {w,, }, {yn}, {2} and {u, } are bounded.

Next, we proof that {z,,} converges strongly to € Q. From inequality (3.20), replacing
x, with w,, and using the same argument of proof, we have

(3.38)
2712
8.0n) £ 00, 100) = (1= 8) (1= P25 o, 0) = Bal1 = Bl = I T )
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Similarly, from (3.21), we have

A2 L2
O, Ens1) < (1= 6u30) () + p () = b (1 = 30)(1 = ) (1= == ) Sy, w)
(3.39) =00 (1 = 7n)Bn(1 = Bu)g(| J2n — J Tz ).
Setn, = 0,(1 —v,)(1 — 6n)(1 - #) and ¢, = 6,,(1 — v,)Bn(1 — B,). Using inequality
(3.34), we deduce from inequality (3.39) that
77n¢(yn, wn) + Cng(”JZn - JTZnH) < OnYn (¢($vu) - ¢(x, wn)) + ¢(x>wn) - ¢($7$n+1)
< Oy (B, ) — D, wn)) + (x, 24)
+ poanJzn - an—1||2 + an¢($na$n—1)
+ an,(¢(xa mn) - qf)(lE, 51771,—1)) - gb(x, zn-{—l)
= an’}/n ((;S(LL‘,U) - ¢($, wn)) + gf)(lE,I‘n) - (,25(1',1’”4_1)
+ Oln¢($mffn71)
(3.40) + pon || Ty — Jxp_1|]? + o (gzﬁ(a:, ZTn) — o(z, :cn_l)).

To complete the proof, we consider the following two cases:

Case 1. Assume there exits an ng € N such that for all n > ng,
d)(xaxn-l-l) S (b(x,xn), Vn Z no.

Then, {¢(z, z,,)} is convergent.

From inequality (3.40), using the fact that lim ~, = 0, the boundedness {w,}, the exis-
n—oo
tence of lim ¢(x,,), the fact that lim pay||Jz, — Jz,_ 1> = 0 = lim a,¢(zn, 2n_1),
n—o00 n—o0 n—00
we obtain the following:

ILm & (Yn,wp) =0 and ILm g([|[Jzn — JT24||) = 0.

By Lemma 2.6 and the properties of g we get

(3.41) lim [y, —w,||=0 and  lim |[Jz, — JTz,| = 0.
n—oo n—oo
Furthermore, since
Tz, — Jw,|| = apl|Jzn — JEn-1]|, nlggo |Jz, — Jw,|| = 0.
Moreover, by the uniform continuity of J~! on bounded sets, ILm ||zn — wn|| = 0. This
and equation (3.41) imply that 1i_>m |zn, — yn|| = 0. By the uniform continuity of J on
n—oo

bounded sets, this implies lim ||Jz, — Jy,|| = 0. Also, the Lipschitz continuity of A and
n— oo

equation (3.41) imply that
ILm |[Aw,, — Ay, || = 0. Therefore,

(3.42) lim ||Jzn, — Jyn| = lim A,||Aw, — Ay, = 0.
n—oo n—00
By the uniform continuity of J~!, equation (3.42) implies that li_>m |zn — yn|| = 0. Thus,
(3.43) lim @, — z,] = 0.
n— oo

Now, observe that
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WJzy — Jxpi1] < [[Jxn — Jwy|| + |00 Jwn — OnynJu — 0, (1 — ) Juy ||
< || Jxn — Jwpl| + On || Jwn — Jzn|| + OnynllJu — Jun || + On|| 20 — Jun||
= | Jxp— Jwp || +0p || Jwn— J 20 || + 00 Ve || Ju— Jun || + 05 (1= B | T 20— T T 2y ||.

This implies that
(3.44) lim_||Jzp 1 = Jzn| = 0.

Next, the prove that Q,,(x,,) C €2 follows similarly as in the proof of Theorem 3.5.

Finally, we show that {x,} converges to x = Ilqu. Since {xz,} is bounded, there exits a
subsequence {z,, } C {z,} such that

lim sup(x,, — z, Ju — Jz) =

im (xn, —z,Ju—Jz) = (" —z,Ju— Jzx) <0.
n—00 k—o0

From (3.44) we also have

lim sup(zp4+1 — @, Ju — Jz) < 0.
n— oo

Next, using Lemma 2.2, D2 and inequalities (3.32), (3.31) and (3.36), we have
¢(z, pt1) = d)(w, Jﬁl((l = On)wn, + O0n(ynJu + (1 — 'Yn)Jun)))
= V(ac7 (1= 60p)wy + On(ynJu+ (1 — Wn)Jun))

< V(xa (1= 0n)wn + On(vnJu + (1 — ) Jun) — Onyn(Ju — Jx))
+ 20,0 (X1 — x, Ju — Jx)

= ¢(a, J (1 = On)wy + (v z + (1 = ) Jun)))
+ 20,0 (X1 — x, Ju — Jx)

< (1= 0n)¢(z, wn) + On (2, ) + 0n (1 — n)d(2, un)
+ 20,0 (X1 — x, Ju — Jx)

< (1 - en'}/n)qﬁ(ma wn) + 26n7n<$n+1 - Z, Ju — Jx>
< (1= 0nvn) (¢($7 Tn) + POéiHan - an—IH2 + an@(Tn; Tn—1)

(3.45) + ay, (qﬁ(x, xn) — o(x, xn,l))) + 20,0 (Tnt1 — x, Ju — Jx)
< (1= Opvn)o(z, z0n) + 20,0 (Tn1 — x, Ju — Jz) + pa || Jx, — J:Jcn,1||2

(3.46) + and(Tn, Tn-1).

By Lemma 2.8, inequality (3.46) implies that ILm ¢(z,z,) = 0. Using Lemma 2.6, we
obtain that lim z, = z.

n— oo

Case 2. If Case 1 does not hold, then, there exists a subsequence {z,,, } C {z,} such that

Oz, Tmypt1) > O(x, Ty, ), Yk € N
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By Lemma 2.9, there exists a nondecreasing sequence {my} C N, such that limy_,. ms =
oo and the following inequalities hold

A(x, Tm,) < (2, Timp11) and  o(z,2) < O(2, rm,), VE €N
From inequality (3.40) we have

Mg @Yo s T ) + G 91 2y, = TT 2 |1) < Oy, Yims (S, w) = Sz, Wiy, ))
+ O, m, ) = (T, Ty 41)
+ A (T s Tngo+1)
+ ptm | T Ty, — T Ty, 12
+ amy (G2, 2m,) = O, Tm, 1))
< O Yy (92, 1) — d(2, Wi, )
+ QO (T s Tngo+1)

+ P, ||Jmmk - Jmmkfl ||2

Following a similar argument as in Case 1, one can establish the following

lm ||[Ym, — @Tm, || =0 and lim ||Jzp, — JT2m,| =0,
k—o0 k—o0
lm || Zm, 41 — Tm, || =0 and limsup(xm,+1 —,Ju — Jx) <O0.
k—o0 k—o0
From (3.45) we have

¢(x7xmk+1) < (1 - 0mk’ymk) ((b(l‘,fvm,\) + pafnk,HJxmk - Jxmk*1||2 + amk¢($mk7mmk71)

+ Qmy, ((j)(l’, mmk) - ¢(x7 xmkfl))) + 20mk’ymk <xmk+1 -, Ju — J:E)
< (1 - 67nk77n1‘,)¢)(xa xmk) =+ 29mk7mk <xmk+1 -, Ju — Jx>
+ PO, H‘]xmk - JxmkleZ + amkqb(xmmxmk*l)

(347) =+ ((,ZS(:ZZ, xmk) - (25(56‘, xmk—l))-
By Lemma 2.8, inequality (3.47) implies that li_>m ¢(z, Ty, ) = 0. Thus,

limsup ¢(z, z) < lim ¢(x, zm, ) = 0.
koo k—o0

Therefore, limsup ¢(z, ;) = 0 and so, by Lemma 2.6, klim zy = x. This completes the
k— 00 —00

proof. O

3.3. Corollaries. Setting 7' = I in Theorems 3.5 and 3.6, where [ is the identity map
on I, we obtain the extended versions of the relaxed and relaxed inertial algorithms of
Cholamyjiak et al. [24] in Banach spaces.

Setting ¢, = 1 and T" = I in Theorem 3.6, we obtain the inertial Halpern Tseng-type
algorithm for approximating solutions of the VIP (1.1).
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4. APPLICATIONS AND NUMERICAL ILLUSTRATIONS
4.1. Application to J-fixed point.

Definition 4.4. Let T : E — 2F be any map. A point u € E is called a .J-fixed point of T if
Ju € Tu, where J : E — E* is the single valued normalized duality map on E. We shall
denote the set of J-fixed point of T'by Fi;(T) :={x € E: Ta = Jz}.

This notion has been defined by Zegeye [54] who called it called semi-fixed point. Also, Liu
[35] called it duality fixed point. In 2016, Chidume and Idu [17], coined the name J-fixed
point. They gave motivations and interesting results concerning J-fixed point for maps
from a space, say E, to its dual space E*. An intriguing property of J-fixed point is its
connection with optimization problems see, e.g.; [17] for the connection. Currently, there
is a growing interest in the study of J-fixed point (see, e.g.; [14, 20, 40], for some interest-
ing results concerning J-fixed point).

Recently, the notion of relatively J-nonexpansive maps was introduced and discussed by
Chidume et al. [19] in a uniformly smooth and uniformly convex real Banach spaces.
They gave the following definitions:

Definition 4.5. Let T': £ — E* be a map. A point «* € E is called an asymptotic J-fixed
point of T if there exists a sequence {z,,} C E such that z,, — z* and ||Jz,, — Tz, | — 0, as
n — oo. Let F;(T) be the set of asymptotic J-fixed points of T'.

Definition 4.6. Amap T : E — E* is said to be relatively J-nonexpansive if
(i) Fs(T) = Fs(T) #0,
(i1) ¢(u, J 'Tz) < ¢p(u,x), Vo € E, ue F;(T).

Remark 4.5. See Chidume et al. [19] for a nontrivial example of relatively .J-nonexpansive
mapping. One can easily verify from the definition above, that if an operator T is rela-
tively J-nonexpansive then the operator J~'T is relatively nonexpansive in the usual
sense and vice versa. Furthermore, 2* € F;(T) < z* € F(J7'T).

We shall explore this notion of relatively J-nonexpansive mapping and introduce a hy-
brid algorithm for approximating solutions of the inclusion problem (1.1) which are also
J-fixed points of relatively J-nonexpansive mapping.

Theorem 4.7. Let E be a 2-uniformly convex and uniformly smooth real Banach space with dual
space, E*. Let A : E — E* be a monotone and L-Lipschitz continuous mapping, B : E — 2F" be
a maximal monotone mapping and T : E — E* be a relatively J-nonexpansive mapping. Assume
the solution set Q = (A + B)~10N F;(T) # 0, given x1 € E, let {x,,} be a sequence defined by:

yn = JE TN (Jzn — ApAzy),

zn = JH(Jyn — An(Ay, — Axy)),

Up = J (B zn + (1 — Bn)T2),

Tnp1 = J (1= 0p)Jxy + O (nJu+ (1 — ) Jun)),

(4.48)

where {0,} € (0,1] {8,} C (0,1), {~vn} C (0,1) such that li_)m Yn = 0 and Z’yn = oo and
L — 00 ot

{A} C (A %), where X € (0,1), pand p are the constants appearing in Lemmas 2.4 and 2.5,

respectively. Then, {z,} converges strongly to x € Q.
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Proof. By Remark 4.5, J~'T is relatively nonexpansive. The conclusion follows from The-
orem 3.5. 0

Theorem 4.8. Under the same setting as in Theorem 4.7, given xo, x1 € E, let {x,, } be a sequence
defined by:

wy, = J (T2 + o (Jzy — J2p-1)),

Yo = JE T (Jw, — Ay Awy,),

(4.49) Zn = Jfl(Jyn — A (Ay, — Awn)),

Uy = T (Bud 2 + (1= B,)T2),

Tpp1 = J (1= 00) Jwy + 0n (YaJu + (1 — ) Jun)),

where the parameters are the same as in Theorem 4.8. Then, {x,,} converges strongly to x € .

4.2. Application to convex minimization problem. In this section, we give application
of our Theorems to the structured nonsmooth convex minimization problem:

(4.50) ggg{f (z) +g(x)},

where H is a real Hilbert space, f : H — R U {400} is proper, convex and lower semi-
continuous (Isc) and g : H — R is smooth and convex with gradient Vg which is L-
Lipschitz continuous. As we shall see in subsections 4.3 and 4.4 problem (4.50) is suitable
for modeling problems coming from image deblurring and denoising, and compressed
sensing.

Problem (4.50) can be recast as the following inclusion problem:
(4.51) find u € H such that 0 € (0f(u) + Vg(u)),

which the FBA (1.2) can be used to solve it. Just as in the case of arbitrary monotone
operators, acceleration process has been an active topic of nonsmooth convex minimiza-
tion. In the context of convex minimization, the inertial extrapolation technique of Ployak
[43] has been employed as an acceleration process. A particular case of the inertial FBA
introduced independently by Moudafi and Oliny [38] and, Lorenz and Pock [36] is the
fast iterative shrinkage-thresholding algorithm (FISTA) developed by Beck and Teboulle [11]
which has captured the interest of many authors. The algorithm is defined by:

P 144 /1+4t2  tpq—1

n - 2 Y n tn )

(4.52) Yn = T + an (T — Tp_1),

Tny1 = T+ X0f) " (yn — AVg(yn)),
1

wherety =1, A = 7, 2o = 21 € H and, f and g are as defined in problem (4.50). Beck and
Teboulle [11] proved weak convergence of the sequence generated by (4.52) in the setting
of real Hilbert space H.

Remark 4.6. The literature on the modifications of the sequence {t,,} in FISTA to take care
of the oscillatory behavior of the scheme abound. Interested readers may see, for example
[33].
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Now, in our proposed algorithms in Theorems 3.5 and 3.6, setting A = Vg and B = 0f,
one gets algorithms for solving problem (4.50).

4.3. Application to image restoration problems. Observed images are often distorted
by the process of acquisition. The aim of image restoration techniques is to restore the
original image from a noisy observation of it. Basically, there are two ways to go about
image restoration problems: Model-based approach (see, e.g.; [25]) and learning based
approach (see, e.g.; [55]). In this section, we are interested in the model based approach
which are often formulated as optimization problems. Our model of interest is:

b= Lx+vy,

where b is an observed image, x is an unknown image, y is a noise and L is a linear map.
It is well known that regularization methods are used in image restoration problems. The
l1-regularization is a powerful tool in image denoising and is given by:

1
(4.53) min§|\Lx—b||2+/\||:z:H1,

where || - || denotes the Euclidean norm, ) is a positive regularization parameter and || - ||;
1
is the [;-regularization term. Set Az := V(§ | Lz —b||3) = LT (Lz—y) and Bz := O(\||z|1).

It is well-known that A is || L||?-Lipschitz continuous and monotone (see, e.g.; [13]). More-
over, B is maximal monotone (see [45]).

In our numerical simulations, we discretize the three layers of the colored test images
(Red, Green and Blue) into 255 pixels and the test images were degraded using the MAT-
LAB blur function “P=fspecial('motion’,20,30)” and random noise. We initialize the vec-
tors zo and u to be zeros and z; to be ones in RY. In algorithms (1.5) and (1.6) of
Cholamjiak et al. [24] we choose the same parameters as used in section 6 of their pa-
per. In the FISTA (4.52) we choose ¢ty = 1 and A = 0.03 and in our proposed algorithms
(3.12) and (3.29) we choose a = 0.95, 3 = 1, v, = m and 0, = %2, and we set
Tz = ;7. Finally, we used a tolerance of 10~* and maximum number of iterations (n)
to be 200, for all the algorithms. The results are presented in Figures 1 and 2, and Table 1

below.

(A) original test images
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(B) test images degraded by motion blur and random noise

(C) restored images with algorithm (1.5)

(D) restored image with algorithm (1.6)

(E) restored images with algorithm (4.52)

FIGURE 1. Restoration process via algorithms (1.5), (1.6) and (4.52)6
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(A) restored images with our algorithm (3.12)

(B) restored image with our algorithm (3.29)

FIGURE 2. Restoration process via algorithms (4.52), (3.12) and (3.29)

The signal to noise ratio (SNR) and the improvement in signal to noise ratio (ISNR) are
performance metrics used to measure the performance algorithms in the restoration of
degraded images. They are defined as:

[z |l = blJ?

[ — 2’

SNR := 10log and ISNR := 10log

[l — n||

where z, b and z,, are the original, observed and estimated image at iteration n, respec-
tively. Using these performance metrics the higher the SNR value or the ISNR value for a
restored image, the better the restoration process via the algorithm.

TABLE 1. SNR and ISNR values of the images in Figure 1

Image Algorithm (1.5) Algorithm (1.6) Algorithm (4.52) Algorithm (3.12) Algorithm (3.29)
SNR ISNR | SNR ISNR | SNR  ISNR SNR  ISNR SNR ISNR
Abubakar | 3575 5565 |36.42 5902 |46.03 10.70 38.46  6.921 49.27 12.32
Barbra |4340 6.388 |44.01 6.687 |5039  9.881 45.99 7.681 53.88 11.62
Kitkuan | 4236 6.011 |4298 6.317 |5219 1092 |45.08 7.369 | 5541 12.53
Peppers | 4672  6.995 | 4735 7.307 |55.66 1146 |49.37 8319 |56.58 11.92

4.4. Application to Signal Processing. In signal processing, compressed sensing can be
inferred as a method of reconstructing a sparse signal from a measured data (see, e.g [32],
[49]). Just like for the case of image restoration, to model this problem, the observed data
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y € RM is related to the original signal « € R" by the equation equation

(4.54) y = Az + b,

where A € RM*N is the measurement or sensing matrix and b is noise. We will always
assume that M < N. Thus, the interest becomes how to recover the sparse signal « € RN
by solving (4.54). Due to the nature of A, the system (4.54) is an undetermined system of
linear equations which can be solve via the approach of (4.53).

In our simulations, the sparse vector z € RY with m nonzero entries is constructed from a
uniform distribution on the interval [—1, 1], the observation y is constructed using Gauss-
ian noise distributed normally with mean 0 and variance 10~* and the sensing matrix
A € RM*N jg constructed from a normal distribution with mean zero and variance one.
For algorithms (1.5) and (1.6) of Cholamjiak et al. [24] we choose the same parameters as
used by the authors in their paper, for the FISTA (4.52) we choose t; = 1 and A = 0.3 and
in our proposed algorithms (3.12) and (3.29) we choose e = 0.93, 8 = 1, v, = ﬁ and

0, = Zﬁ, and we set Tz = maz Furthermore, we use the mean square error (MSE)
defined by:

1
(4.55) MSE = NHx* —z||* <1075

as stopping criterion, where 2* is an approximated signal of .

We consider the following cases (/V is the length of the original signal and M is the number
of observations made):

Case 1l : N = 4096, M = 2048, and m = 50.
Case 2 : N = 4096, M = 2048, and m = 100.

The numerical results are presented in Figures 3, 4, 5, 6, 7 and 8.

Orlglnal 5|gnal (N= 4096, M= 2048, 50 spikes)
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FIGURE 3. Restored signal via algorithms (1.5) and (1.6) of Cholamjiak et
al. [24] for Case 1
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Original signal (N= 4096, M= 2048, 100 spikes)
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FIGURE 4. Restored signal via algorithms (1.5) and (1.6) of Cholamjiak et
al. [24] for Case 2
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FIGURE 5. Restored signal via FISTA (4.52) shown for Case 1
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FIGURE 6. Restored signal via FISTA (4.52) for Case 2
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Original signal (N= 4096, M= 2048, 50 spikes)
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FIGURE 7. Restored signal via algorithms (3.29) and (3.12) shown for
Case 1
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FIGURE 8. Restored signal via algorithms (3.29) and (3.12) shown for
Case 2

4.5. Discussion of the Numerical Simulations and Conclusion.

Discussion.

o For the image restoration problem, while all the methods did not satisfy the stop-
ping criterion before the maximum number of iterations was exhausted, the re-
laxed inertial version of our proposed algorithm, algorithm (3.29) has higher SNR
and ISNR values than algorithms (1.5) and (1.6) of Cholamjiak et al. [24] and the
FISTA (4.52), meaning, the quality of the restored images via our proposed algo-
rithm (3.29) is better than that of algorithms (1.5), (1.6) and (4.52).

o For the compressed sensing problem, we observed that even as we vary the num-
ber of spikes (the number of nonzero entries) the relaxed version of our proposed
method, algorithm (3.29) requires less number of iterations to restore the signal
compared to algorithms (1.5), (1.6) and (4.52).

Conclusion. This paper presents a modified relaxed and relaxed inertial versions of
Tseng’s algorithm which approximate solutions of the inclusion problem (1.8). Strong con-
vergence theorems and some interesting applications of the theorems to J-fixed points,
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image restoration and compressed sensing problems are presented. Finally, some inter-
esting numerical simulations of our proposed method are presented and from the experi-
ments, our proposed methods appear to competitive and promising.
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